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Abstract: Class imbalance always exists in the process of network traffic classification. Considering the problem,
a new feature selection algorithm using Weighted Symmetric Uncertainty (WSU) and Approximate Markov
Blanket (AMB) is proposed. Firstly, a feature metric is defined using category distribution information, which
is biased to minority classes. This makes it easier pick out features which have strong correlation with minority
classes. Then, considering the correlation between features and categories and between features and features,
the weighted symmetry uncertainty and approximate Markov blanket are used to delete the unrelated features
and redundant features. Finally, the feature dimension is further reduced to determine the optimal feature
subset, by using feature evaluation functions based on correlation measures and sequence search algorithms.
The experimental results demonstrate that the algorithm can effectively improve the classification performance

of minority classes without sacrificing the accuracy of the overall classification.
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