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Abstract: Considering the problem that the existing superpixel methods are usually unable to set an
appropriate number of generated superpixels automatically and unable to adhere to image boundaries
effectively, a new superpixel method is proposed in this paper, which utilizes local information to perform multi-
level simple linear iterative clustering to generate superpixels. First, original image is initially segmented by
Simple Liner Iterative Clustering based on Local Information (LI-SLIC). Then, each superpixel is segmented
iteratively until its color standard deviation is lower than a predefined threshold. Finally, the over-segmented
superpixels are merged based on the color differences between adjacent superpixels. Experiments on Berkeley,
Pascal VOC and 3Dircadb databases, as well as comparison with other methods indicate that the proposed
method can adhere to image boundaries more accurately, and can prevent over- and under- segmentations more
effectively.
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