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Abstract: Water segmentation of Synthetic Aperture Radar (SAR) is of great significance in land hydrological
monitoring, such as lakes and rivers. Water segmentation accuracy is influenced by the blurring of the
boundary between land and water region because of the insufficient resolution of SAR image. Sentinel-1A SAR
image is used to study the Duoqing Co in the Tibetan Plateau of China. This paper integrates the enhanced
deep residual block, channel attention mechanism and sub-pixel convolution, an enhanced channel attention
deep residual network is proposed based on sub-pixel to reconstruct the filtered SAR image, extract the water
contour and analyze the accuracy. By comparing the reconstruction results of different super-resolution
algorithms and the accuracy of water contour extraction, this algorithm, with great robustness, is obviously
better than the traditional method in both reconstruction effect and extraction accuracy.
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