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Abstract: Regev introduced the Learning With Errors (LWE) problem in 2005, which has close connections to
random linear code decoding and has found wide applications to cryptography, especially to post-quantum
cryptography. The LWE problem is originally introduced in random access model, and there are evidences that
indicate the hardness of this problem. It is well known that the LWE problem is vulnerable if the attacker is
allowed to choose samples. However, to the best of the author’s knowledge, a complete algorithm has not been
published. In this paper, the LWE problem in query samples access model is analyzed. The technique is to relate
the problem to the hidden number problem, and then Fourier learning method is applied to the list decoding.
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