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Abstract: In this article, the unknown and dynamic interference in the wireless communication environment is
studied. Jointly considering communication channel access and transmit power control, a fast reinforcement
learning strategy is proposed to ensure reliable communication at the transceivers. The interference avoidance
problem is firstly modeled as a Markov decision process to lower the transmission power of the system and
reduce the number of channel switching while ensuring the communication quality. Subsequently, a Win or
Learn Fast Policy Hill-Climbing (WoLF-PHC) learning method is proposed to avoid rapidly interference.
Simulation results show that the anti-interference performance and convergence speed of the proposed WoLF-
PHC algorithm are superior to the traditional random selection method and Q learning algorithm under
different interference situations.
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