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A Multi-objective Q-bit Coding Genetic Algorithm

Zou Yi Wei Wen-long Li Bin Xiao Jin-chao Zhuang Zhen-quan

(Nature Inspired Computation and Applications Laboratory, USTC, Hefei 230027, China)

Abstract: How causes the algorithm fast to restrain to the true Pareto optimal front, and maintains solutions
distributed uniformly in the Pareto optimal front is one of the key research issue. A multi-objective optimization
algorithm is proposed based on Q-bit Coding Genetic Algorithm (QCGA). By right of the capability of efficient
global search and maintenance of diversity of QGA, it explores the feasible region for Pareto optimal solutions
quickly and maintains the solutions distributed uniformly over the Pareto optimal front. Characteristics of the
algorithm are confirmed through optimization experiments of multi-objective functions with constraints.

Compared with several well-known algorithms such as NSGAII, PAES, MOPSO, experiment results prove the

algorithm validity and efficiency.
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