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Abstract: For the temporal features of trajectory intersection sequence and spatial correlation of the actual road
network, a trajectory prediction method based on the Deep Belief Networks and SoftMax (DBN-SoftMax) is
proposed. At first, considering the sparsity of trajectory in an intersection set and the insufficiency of
generalization ability in general feature learning methods for new features, the strong unsupervised feature
learning ability of Deep Belief Network (DBN) is used to extract the local spatial features of trajectory.
Secondly, considering the temporal features of the trajectory, the logistic regression method and the linear
combination of the current trajectory set in the road network features space are used to predict the trajectory.
Finally, Based on the idea of word embedding in the field of natural language processing and the contextual
relationship of intersections in the actual trajectory, the vector set of intersections is used to represent the
spatiotemporal relationship of traffic between intersections. The experimental results show that the model can
not only extract the trajectory features effectively, but also obtain better prediction performance in a road
network with complex topology.
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