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Abstract: Considering the intelligent decision of battlefield communication countermeasure, based on the overall
confrontation, a Bootstrapped expert trajectory memory replay - Hierarchical reinforcement learning - Jamming
resources distribution decision - Making algorithm(BHJM) is proposed, and the algorithm for frequency hopping
jamming decision problem, according to the frequency distribution, jamming spectrum is divided, based on
hierarchical reinforcement learning again decision jamming spectrum and bandwidth are divided, and finally
based on the bootstrapped expert trajectory memory replay mechanism, the algorithm is optimized, the
algorithm can is existing resources, especially under the condition of insufficient resources, give priority to jam the
most threat target, obtain the optimal jamming effect and reduce the total jamming bandwidth. The simulation
results show that, compared with the existing resource allocation decision algorithms, the proposed algorithm

can save 25% of the resources of jammers and 15% of the jamming bandwidth, which is of great practical value.
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