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Abstract: Wireless Local Area Network (WLAN) indoor intrusion detection technique is one of the current
research hotspots in the field of intelligent detection, but the conventional database construction based
intrusion detection technique does not consider the time-variant property of WLAN signal in the complicated
indoor environment, which results in the low robustness of WLAN indoor intrusion detection system. To
address this problem, a Multiple Kernel Maximum Mean Discrepancy (MKMMD) transfer learning based
WLAN indoor intrusion detection approach is proposed. First of all, the offline labeled and online pseudo-
labeled Received Signal Strength (RSS) features are used to construct source and target domains respectively.
Second, the optimal transfer matrix is constructed to minimize the MKMMD of the joint distributions of RSS
features in source and target domains. Third, a classifier trained from the transferred RSS features and the
corresponding labels in source domain is used to classify the transferred RSS features in target domain, and
meanwhile the label set corresponding to target domain is obtained. Finally, the label set corresponding to
target domain is updated in an iterative manner until the proposed algorithm converges, and then the intrusion
detection in target environment is achieved. The experimental results indicate that the proposed approach is
able to preserve high detection accuracy as well as overcome the impact of time-variant signal property on the

detection performance.
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