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Abstract: The core of the dynamic flight pricing is to yield a pricing strategy with maximum seat revenue. The
state-of-the-art flight pricing approaches are built on forecasting the fare demand. They suffer low profit due to
the inaccurate prediction. To tackle the above issue, an approach for dynamic flight pricing based on strategy
learning is proposed. That approach resorts to reinforcement learning to output pricing strategy with the
highest expected return. That strategy is learned by iteratively policy evaluation and policy improvement. The

rate of profit improvement on the two flights is empirically 30.94% and 39.96% over the existing pricing
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strategy, while that rate is 6.04% and 3.36% over the demand forecasting algorithm.
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