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Abstract: To solve the problems of Apriori algorithm and FP-Growth algorithm in the process of mining the
maximal frequent itemsets, which refer to inefficient operation, high memory consumption, difficulty in
adapting to the process of dense datasets, and affecting the time-effectiveness of large data value mining, this
paper proposes a maximal frequent itemsets mining algorithm based on adjacency table. The algorithm only
needs to traverse the database once and adopts the hash table to store the adjacency table, which reduces the
memory consumption. Theoretical analysis and experimental results show that the algorithm has lower time

and space complexity and improves the mining rate of maximal frequent itemsets, especially when dealing with
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dense datasets.
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