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Abstract: To solve the problems that current behavior recognition methods can not effectively extract the
spatial-temporal information in non-European 3D skeleton sequence and lack attention for specific joints, an
action recognition model based on 3D graph convolution and attention enhanced is proposed in this paper.
Firstly, the specific working principles of the 3D convolution and graph convolution are introduced; Secondly, a
3D graph convolution method is proposed. It is based on the graph convolution kernel that can handle variable-
length neighbor nodes in graph and 3D sampling space of 3D convolution is introduced to improve 2D graph
convolution kernel to 3D graph convolution kernel with 3D sampling space. For neighbor nodes in 3D sampling
space, this method realizes effective extraction of spatial-temporal information with a 3D graph convolution
kernel; Thirdly, in order to enhance attention to specific joints and focus important action information, an
attention enhanced structure is designed. Besides, through combining 3D graph convolution with attention
enhanced structure, action recognition model based on 3D graph convolution and attention enhanced is

proposed. Finally, the researches are carried on NTU-RGBD and MSR Action 3D skeleton action dataset.
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The results further verify the ability to extract spatial-temporal information of this model and its classification

accuracy.
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