B 43% T
20214E7H

BT 5 B R ¥

Journal of Electronics & Information Technology

HRENENR 2 HLH T 2R REE SN BIRIRERE A

b/ K FH R ) Y
(BELFHBRFETEARTARARELZRE &% 710077)

& OE: AR T 2 A8 B AR ERER R, % OCHR H—FoE 2 B AR R 2 AR 2 A0 SRR A
(IMM-MS-MeMBer). #EIMM-MS-MeMBerji#i & FFIBT B, % 3CH H 24 H0 0 S 04E 5 B IE R TEHr B AR
TR, JERI R 0T 5 IR R E 5 B ARIRS BT IR S 0 AEIMM-MS-MeMBeryif i &5 1O S HT B By, il FH 24
(14 2 A IS B MR 7 SR X 22 A5 SRR B DIEAT R4y, IR FH A 30 i 200 K] 43 B2 A RIIMM-MS-MeMBer JE% #5 %1 H
Fri)Ja SR S B AT B, BRIk Ah, IMM-MS-MeMBerii€ 8 %% B8 5 1 F H A5 10 4 B A0 22 4 30 B 00045 5L R i sz
WEZ MW BRI B R BUE SIS0 T %3 AT IMM-MS-MeMBeriig i #5 1) L bR 1 78 .

XA R AAZER M HbR: 2RSS 2 HARZOSFEN, TTERE

FESZES: TNI11.73; TP391 XEAFRIRAD: A XEHS: 1009-5896(2021)07-1962-08
DOIL: 10.11999/JEIT200498

Multi-sensor Multiple Maneuvering Targets Tracking Algorithm under
Greedy Measurement Partitioning Mechanism
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Abstract: A novel method Interacting Multiple Mode Multi-Sensor Multi-target Multi-Bernoulli (IMM-MS-

MeMBer) filter to track multiple maneuvering targets in low detection probability scenario is proposed. At the
prediction stage of the IMM-MS-MeMBer filter, model probability of the target is adaptively updated by
utilizing the current measurement information, and then the mixed prediction of the target state is executed;
At the update stage of the IMM-MS-MeMBer filter, the greedy multi-sensor measurement partitioning strategy
is employed in measurement partition step, the posterior probability density of the target is updated by using
the divided set of measurements and the IMM-MS-MeMBer filter; In addition, the IMM-MS-MeMBer filter
utilizes the target angle and Doppler information to realize the simultaneous estimation of the position and
speed of multiple maneuvering targets. Numerical experiments verify the superior performance of the IMM-MS-
MeMBer filter.
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