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Abstract: Using the methods of Optical Character Recognition (OCR) to detect and recognize the seal
characters can speed up the classification speed and identification efficiency of all kinds of contracts. According
to the characteristics of the cycle seal characters arranged in a ring, polar coordinate conversion is used to
preprocess the seal characters, which overcomes the problem that the direction of the seal characters is not
uniform. The Connectionist Text Proposal Network (CTPN) with angle information is used to detect the
undulating text area, and the Bezier curve is used to achieve the accurate detection of the seal area. Finally, a
method combined with the attention mechanism and the matching algorithm is used to recognize the detected
text area and the seal text content is obtained. Using this algorithm to test the self-made Chinese seal data set,
the F-measure of the seal content can reach 84.73%, and the recall rate of the character recognition is 84.4%,
which shows that this algorithm can detect and recognize the seal content effectively, and has an important

meaning for the research of document classification and identification.
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