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Abstract: In order to realize on-demand physical resource allocation in network function virtualization platform,
an adaptive virtualized network function scaling method is proposed. The proposed method first use long short
term memory network to realize traffic forecasting. Then combining with the forecasting result, a forward
neural network-based approach is designed to predict resource demand of requested virtualized network
function. Finally, according to the result of resource demand prediction, a dynamic encoding genetic algorithm
is proposed to realize dynamic deployment of virtualized network function instances. The experiment results
show that compared with existing scaling methods, the proposed scaling method can reduce the negative impact
of inaccurate traffic forecasting, decrease the relative error of resource demand prediction as well as the total
number of servers occupied by requested virtualized network function instances.
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