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Abstract: For the problem that the traditional traffic accident risk prediction algorithm can not automatically
discriminate data features, and the model expression ability is poor, a traffic accident risk prediction algorithm
based on deep learning is proposed. The algorithm firstly extracts multi-dimensional features by using the
convolutional neural network established in the edge server for a large amount of traffic data collected in the
edge network of vehicles. After normalization, de-equalization and other pre-processing, the new variables are
input into the convolutional layer and the pooling layer for training. Finally, based on the output
discrimination value of the fully connected layer, the risk of traffic accidents can be predicted by simulation.
The simulation results show that the algorithm is validated to predict the risk of traffic accidents, and has
lower loss and higher prediction accuracy than the traditional machine learning BP neural network algorithm

and Logical Regression algorithm.
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