5 4155 55 10 0] BT o5 fF OB ¥ M Vol. 41No. 10
2019410 H Journal of Electronics & Information Technology Oct. 2019

ETZRERHERN BENARM S BIrRERED

WwEx mE®A = K A4%H IRM
(PEFLXFEESEHIEFR HMN 221116)

OB PO HARTEE S MRS S 2 M S F bR R e 2 RS AR 1), %SGR — T
2 2GR AE R G Y SR RS H AR R A (ASFTT) . &SGR HUE B 26 199 2% (CNIN) r i R 10 22 2 26 B
ik, JE G 100 255 R R ARFAE AR F bR BN T B BB, MR SVE Rz AR RE D05 A 22 AR v ST P 5 A O P )
I, SR BN s B Je 12 SCAS T 3 L R SR 5 SRR T A i [ o b A7 R SRS A Rl UE A7 H AR
RE ST G 2 B A R I 1 5 SR B 5 1) 17 S0 SR A BRI T sk B, DMRIE SR 0 b Itk o SR bR B 42
OTB2013X 1%L HVEMG M i LRERERFVEBEAT T 05 BOM b, S5 SRR WNZSCRE B AT A5 i B ER T
XEIR: HARERES; BRUNEMS: AOCTEmR Pk s

FESES: TP391.4 XHEkARIRAD: A XEHES: 1009-5896(2019)10-2464-07
DOI: 10.11999/JEIT180971

Adaptive Strategy Fusion Target Tracking Based on
Multi-layer Convolutional Features
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(School of Information and Control Engineering, China University of
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Abstract: To solve the problems of low robustness and tracking accuracy in target tracking when interference
factors occur such as target fast motion and occlusion in complex video scenes, an Adaptive Strategy Fusion
Target Tracking algorithm (ASFTT) is proposed based on multi-layer convolutional features. Firstly, the multi-
layer convolutional features of frame images in Convolutional Neural Network(CNN) are extracted, which
avoids the defect that the target information of the network is not comprehensive enough, so as to increase the
generalization ability of the algorithm. Secondly, in order to improve the tracking accuracy of the algorithm,
the multi-layer features are performed to calculate the correlation responses, which improves the tracking
accuracy. Finally, the target position strategy in all responses are dynamically merged to locate the target
through the adaptive strategy fusion algorithm in this paper. It comprehensively considers the historical
strategy information and current strategy information of each responsive tracker to ensure the robustness.
Experiments performed on the OTB2013 evaluation benchmark show that that the performance of the proposed

algorithm are better than those of the other six state-of-the-art methods.
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