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Abstract: In order to solve the problems of lower precision of target location in short-term occlusion and
inaccurate of scale estimation of target in rotation by Spatial-Temporal Regularized Correlation Filters
(STRCF), an object tracking algorithm with channel reliability and target response adaptation is proposed in
this paper. In this algorithm, target response regularization is added to train target model. By updating the
ideal target response function in the process of solving model, the target can be tracked again after being
occluded for a short time. The reliability of each feature channel is evaluated by coefficient of channel
reliability, which can improves the model's expression of the target. Scale filters can be trained in log-polar
coordinates to improve the accuracy of scale estimation when target is rotating. The experimental results show
that the proposed algorithm reduces 28.54 pixels in the average center position error and improves the average
overlap rate by 22.8% compared with STRCF.
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