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Abstract: In view of the severe influence of sparse data, cold start and irrelevant noise users on
recommendation quality in collaborative filtering recommendation algorithm, this paper combines user-project
score data with user trust relationship data. A Biased Dynamic Expert Trust Recommendation Algorithm
(BDETA) based on fusion bias is proposed. Firstly, the community is divided according to the user trust
relationship data and explicit trust values are obtained.Secondly, the credibility and implicit trust values are
obtained from the user-project score data in the community. The expert trust factor is dynamically determined
by combining the trust between users, explicit trust value and implicit trust value, and the expert data set is
determined for each community according to the recommendation ability of the user.Finally, the different
scoring criteria of users in the community data set are combined to predict the scoring for the target users. In
the experimental results of real data set FilmTrust, it can effectively solve the problem of collaborative filtering
cold startup and data sparseness, better meet the personalized recommendation requirements of users, and has
a good performance in the commonly used evaluation index MAE and RMSE of the recommendation system.
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