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Abstract: The matrix Constant False Alarm Rate (CFAR) detector based on the information geometry theory
is an effective method for target detection in the K-distributed sea clutter environment. However, the general
matrix CFAR method has a high computational complexity and its detection performance is not as good as
Adaptive Normalized Matched Filter (ANMF) when the target Doppler frequency deviates from the clutter
spectrum center seriously, which affects its practical application. For this reason, considered the filtered
received signal by the filter bank, a Matrix CFAR Detection method based on the Filter bank subband
Decomposition of Maximum Eigenvalue (FD-MEMD) is proposed. The double clutter suppression helps to solve
the problem that Matrix CFAR is invalid when the target Doppler frequency is far away the central of the
clutter spectrum. Finally, the simulation results show that the improved FD-MEMD has a good detection

performance.
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