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A New Link Prediction Method for Complex Networks Based on
Resources Carrying Capacity Between Nodes
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Abstract: Link prediction aims to discover the unknown or missing links of complex networks, which plays an
important role in practical application. The similarity-based link prediction methods attract a lot of attention
due to their briefness and effectiveness. However, most of similarity indices ignore the influence of resource
carrying capacity between nodes when calculating the likelihood that a link exists between two endpoints.
Because of the problem, a new link prediction method based on resources carrying capacity between nodes is
proposed. Firstly, the resource carrying capacity is proposed to quantify the capability of resource carrying
between nodes. Then, based on the resource carrying capacity, a new link prediction method is proposed by
analyzing the impact of node connectivity. The experimental results of nine real networks show that compared

with other link prediction methods, the proposed method can achieve higher prediction accuracy under three
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standard metrics.
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