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Abstract: Tracking effects of algorithms using correlation filter are easily interfered by deformation, motion blur
and background clustering, which can result in tracking failure. To solve these problems, a visual tracking
algorithm based on global context and feature dimensionality reduction is proposed. Firstly, the image patches
uniformly around the target are extracted as negative sample, and thus the similar background patches around
the target are suppressed. Then, an update strategy based on principal component analysis is proposed,
constructing the matrix to reduce the dimensionality of HOG feature, which can reduce the redundancy of
feature when it updates. Finally, the color features are added to represent the motion target and the response of
the system states are adaptively fused according to the features. Experiments are performed on recent online
tracking benchmark. The results show that the proposed method performs favorably both in terms of accuracy
and robustness compared to the state-of-the-art trackers such as Staple or KCF. When deformation occur, the
proposed method is shown to outperform the Staple tracker and KCF algorithm by 8.3% and 13.1%
respectively in median distance precision.
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