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Image Saliency Detection Based on Object Compactness
and Regional Homogeneity Strategy
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Abstract: Considering the inaccurate description of feature differences between nodes in the graph-based
saliency detection algorithm, an image saliency detection algorithm combining object compactness and regional
homogeneity strategy is proposed. Different from the commonly used graph-based model, a sparse graph-based
structure closer to the human visual system and a novel regional homogeneity graph-based structure are
established. They are used to describe the correlation within the foreground and the difference between
foreground and background. Therefore, many redundant connections of nodes are eliminated and the local
spatial relationship of nodes is strengthened. Then the clusters are combined to form a saliency map by means
of manifold ranking. Finally, the background confidence is introduced for saliency optimization by the similarity
of the background region clusters and the final detection result is obtained. Compared with 4 popular graph-
based algorithms on the four benchmark datasets, the proposed algorithm can highlight the salient regions

clearly and has better performance in the evaluation of multiple comprehensive indicators.
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