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Abstract: When modeling user preferences, the current researches of recommendation ignore the problem of
modeling initialization and the review information accompanied with rating information for recommender
models, integrating deep learning into the recommendation system becomes a hotspot of Point-Of-Interest
(POI) recommendation. In this paper, a new POI recommendation model called Matrix Factorization Model
integrated with Hybrid Neural Networks (MFM-HNN) is proposed. The model improves the performance of
POI recommendation by fusing review text and check-in information based on Neural Network (NN).
Specifically, the convolutional neural network is used to learn the feature representation of the review text and
the check-in information is initialized by using the stacked denoising autoencoder. Furthermore, the extended
matrix factorization model is exploited to fuse the review information feature and the initial value of the check-
in information for POI recommendation. As is shown in the experimental results on real datasets, the proposed
MFM-HNN achieves better recommendation performances than the other state-of-the-art POI recommendation

algorithms.
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