5 427 55 T W BT 5 fF B % ik Vol. 42No. 7
20204E7H Journal of Electronics & Information Technology Jul. 2020

—METREFINBEENEFBREGERGE

A HEY? % Y & o
DRSAHEKF AT EHARFER KL 430065)

O iulz G E R T L AAHMIEEELRE KR 430065)
O FE KR F AT SREHABREEFRE KR 430074)
DKAAHKFRERAEHEA KX 430065)

Ofed AR FALR ML AR KR 430074)

1 FE: MGG EUR B EIAN R, ZOCHR P O N 2 R A HE SRR 5 R 22 0 2 A Y
B pt ). Bk, fIERAEEGIISGEIRS: A5, 1R —FEEMERE 7 2B mEaES, HrEg
AT RURFESR A )5, W Mg L R R RG L ENEIER . SR RRY], 2B eANTE, 6
TG R i1 ok [ 8 7 P8 R BT o P 5 - 5 22 0 (R B PR 4 5

KRR ARG RES): ZIRCR GRS, etk B s

FESHES: TNI1L.73 XHEFRIRES: A TEHS: 1009-5896(2020)07-1782-08
DOI: 10.11999/JEIT190580

An Adaptive Medical Ultrasound Images Despeckling Method
Based on Deep Learning

FU Xiaowei®®®  YANG Xuefei®®  CHEN Fang® LI Xi®

Q)(College of Computer Science and Technology, Wuhan University of Science

and Technology, Wuhan 430065, China)
®(Key Laboratory of Intelligent Information Processing and Real-time
Industrial System, Wuhan 430065, China)
State Key Laboratory of Materials Processing and Die & Mould Technology,

Huazhong University of Science and Technology, Wuhan 430074, China)
“

o

Department of Ultrasound and Imaging, Wuhan University of Science and
Technology Hospital, Wuhan 430065, China)

School of Artificial Intelligence and Automation, Huazhong University of Science

and Technology, Wuhan 430074, China)

o

Abstract: Considering the shortage of traditional medical ultrasound image despeckle methods, an adaptive
multi-exposure fusion framework and feedforward convolutional neural network model image despeckle method
is proposed. Firstly, an ultrasound image training data set is produced. Then, a multi-exposure fusion
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