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Abstract The problem of overdetermined Blind Source Separation (BSS) where there are
more mixtures than sources is considered. Beginning with the Singular Value Decompo-
sition (SVD) of the separation matrix, a cost function is presented based on Independent

Component Analysis (ICA), and then the ordinary gradient learning algorithin is developed.
Secondly, resorting to the relative gradient, it is shown that the natural gradient learning

algorithm for overdetermined BS5S has the same form as that for usual complete BSS, which
1s verified by simulation results.
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