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Model Adaptation Algorithm Using Vector Taylor Series
Lii Yong Wu Zhen-yang
(School of Information Science and Engineering, Southeast University, Nanjing 210096, China)

Abstract: In actual environments the performance of speech recognition system may be degraded significantly
because of the mismatch between the training and testing conditions. Model adaptation is an efficient approach
that could reduce this mismatch, which adapts model parameters to new conditions by some adaptation data. In
this paper, a new model adaptation using vector Taylor series is presented, which adapts the mean vector and
covariance matrix of hidden Markov model. The experimental results show that the proposed algorithm is more

effective than MLLR and the feature compensation algorithm based on vector Taylor series in various
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environments, especially in low signal-to-noise ratio environments.
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