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Abstract: A new synthesis method of network traffic, stable CPC noise, is proposed in this paper. The method can
approximate the infinitely divisible cascades model of traffic. It is testified that sequences generated using the
method can simulate real network traffic favorably. In queuing analysis the sequence of synthesized traffic is much
better than fBm self-similar traffic sequence, and are fit for research of network performance.
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A ST A ) B SE By olk 45 4 # H - LBL(Lawrence
Berkeley Laboratory)fJ ITA (Internet Traffic Archive)P”,
X T H A ) BC-pOct89 1 dec-pkt-2 ANk £8
AbIE, 453 3 FL S5 R, K 3 7R - B 3(a) pOct89.byts:
BC-pOct89 it 3% AL 1] (0.01s) P FA E 1 HUF 415 B 3(b)
pOct89.inter: BC-pOct89 it 3 AH 4L 43 2H FIl 1 [F] [ 1 [/ )3 4]
(P47 s); B 3(c) dec.tep.byts: dec-pkt-2 10 % AL [E] (0.01s)
WL TCP 73 8UF 51
32 MEIRZEHEMK

AR (21) R A 3 i 3 ML EFH. X
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pOct89.byts: M Ji J¥ 41 3k 13 Z o m = 24145, o =
1.5213 . H&SH v =05K =3, AWK 4(a)E K
J741. 8K pOct89.byts.syn;

pOct89.inter: M J& J¥ %1 3k 3 Z $L m=0.0028, a=
1.7874 . HEBH v =0.5K =3, W[ERWME 4(b) K&K
J¥%1. 4 pOct89.inter.syn;

dec.tep.byts: M JRU T 41 3k 15 2 L m = 1303.5,a =
1.6176 . H&ESH vy =0.5,K =3, WERWME 4(c)MEK
73, e A dec.tep.byts.syn.
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Kl 4 F2E CPC W & b 55 F 741
HIRT L, ASCFTGIAIIRE CPC M AR REAR U0
FRL A5 A . IF HAGETRFS o REMRAF P HY 55 R

3.3 HEPAMEBETEAT

X BB TR AR I AR CPC M B AL X HEBA P RE IR 2
2 R SR [31] A S i) T PR IR A it o R B . AR SO LE
B3NS RS R UG pOct89.byts, A5 pOct89. byts.
syn il fGn 72, W 5. EEAIHHHALL LA, %
SILBAF BB
15000

T 10000

W
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0 2000 4000 GOOD =000 10000
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() o H e
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Yy (t) Haka

2144
4] 2000 4000 GOOD HO00 10000
Count

(¢) m+fGn
5 3 Rl AR
AN NGRS FRIE R {Y(8)} , R0 ¢ B 2 AAT
fitt A A= 710 R dt o HORE R T THT 3 AMb 45 5 1 1) SR i 2,
BB (Y, (0} (Yo} 1 (Y (0} - WL {Y,,, (0} 0
PR, JFS] pOct89.byts (A m,,, = 2144.7 ;
{Y,, (t)} BRI, B pOct89.byts.syn FIIE A m, =
2169.0 o W {By(t)} h—MrHER Bm 2, WE X
Yi,(t) £ mt + 0By (t) (22)
Hhm Mo HAERSHE . m BRZBNRP T3, K
SRR m = m,,, =2144.7 . XM H =097, Jfliil
33§ fBm/fGn REFEH) Hurst S50, R SCHR[31] B 40 5L
Brownian MV 45 AR,
ALY (1)} AN A7t 2 HE B R 52 SR Reich J5 %
L(t) = Osﬁgt((Y(t) —-Y(s)—c(t—s)), t >0 (23)

Forb e HAERERR IR R . AR, h ERIFAEfE R A2
TR E, BONZEm <c. B6ExRT 3MESERA
A 5, BUBI AR B0 o e 1 A ) ik
Cong = 2944.7 , ¢, = 2969.0 Fl ¢ = 2144.72 . NP A LUFH
B, A BT 5 EP A AL HEA B, SERR
S5 BRI Bl 5 B0 PR AR LA AN P R R T
800 o 4%t Brownian M4 Uit H HEH N AR T
0.02, XRAREAGI . M Ednt, HHBVKE LS 2
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