¥ xE B x B 7 5 & B % Ik Vol. xNo. x
xxxx 4 x H Journal of Electronics & Information Technology Dec. xxxx

H M =i im R B R ESHE S ZIRTECREEMR

wEE MR EEA
(AR EEIARRFELTERLEIARFR dF 214442)

B OE: iR AR AN G X (ToT) 14 IO SE 5 REAE T 3K, 12U T HiTo T2 5 . R BREE (LEO) LA
Mz AL H BT R Zh A PR . FERTAE . RERESSEPRAR AT T, B R GRS REFE BRI
ARG, WIET B/MURGHHMAT S EE. DA E SRR G SN . SX iS5 Rk R, 12—
PR B I B 0@ BR FE AL 2% > (MADRL) 5, SRR B . @S RIEATT H R EN AR E. %H
K Ay IR A R, SR B B R AR B R R AIRS B T BRI AL T OB IR ST A R SR
2043 3B O SR R S BRI 2R QI 4 LLIE R BB AT 55 I BIE, AT B sk ik . ZBEESRIL T H
R IR 4y R T 4 RN AT 45 ARk, LR PR RG4S 5 T R I AL SRR . i A R, 5IATAE
s, (ERRFTTHIEICT41%. SIANREMESAR, ERETFHEIC 722.1%. HAh, 2 RIS
PERELF . SEMESNEAMLL, ZEVEMNRGITHEICT 3%, EAFRE N IR R A2 B

KR~ EIVE R RN IREESRA S ST AR EIE, BRI,

FESHES: TN927 XHEFRIRES: A XEHS: 1009-5896(2024)00-0001-12
DOL: 10.11999/JEIT240659

Research on Task Offloading and Resource Allocation Algorithms in
Cloud-edge-end Collaborative Computing for the Internet of Things

SHI Jianfeng CHEN Xinyang LI Baolong

(School of Electronic and Information Engineering, Nanjing University of Information Science and Technology,
Nanging 214442, China)

Abstract: To meet the latency and energy consumption requirements of Internet of Things(IoT) devices in
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Earth orbit(LEO) satellites, and a cloud computing center is constructed. Under the practical constraints such
as latency, energy consumption etc, the weighted sum of system latency and energy consumption is regarded as
cost, and the joint task offloading and power and computational resource allocation problem for minimizing
system cost is constructed. For dynamic task arrival scenarios, a Model-assisted Adaptive Deep Reinforcement
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