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Abstract: Recently, social network applications develop dramatically. Social network related social behaviors are
one of the most important areas, which receive broadly attentions from researchers in academics. This survey paper
analyzes the social behaviors comprehensively with respect to the causes of social behaviors, the performance of
social behaviors and the influence of social behaviors. More specifically, after analyzing the basic concepts of
behaviors in social networks, the three most important causes of behaviors in social networks are firstly introduced,
such as user adoption, user loyalty and user trust. With these causes, the performance of user behaviors in social
networks can be analyzed with respect to three common behaviors, including general usage behaviors, content
creation behaviors and content consumption behaviors. Finally, the research on the influence of social network
behaviors is presented, which includes the most important aspects, such as influence evaluation and behavior
induction. The systematical analysis of social behaviors points out the future directions of related research in next
steps.
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