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Abstract: With the development of big data and information technology, a better understanding of users’
trajectories is of great importance for the design of many applications, such as personalized recommendation,
behavioral targeting and computational advertising. In this paper, with the theory of urban computing based on
big data, a model of recognizing information veracity of users on the social media networks is proposed. The
behavior characteristics of users’ trajectories based on context awareness are analyzed. The model of recognizing
the truth of social roles is formalized and built. The subjectivity of recognizing users’ roles is overcomed.

Furthermore, experiments are conducted with large-scale and real-world datasets. The results show that the

proposed model offers a powerful ability for recognition of truth social roles.
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