%38 L 1 1
2016 4= 1 H

BT 5 fF B ¥ M

Journal of Electronics & Information Technology

BT IE ML R 5 b5 B 5 ER ARG BB 4E 77

ER RS T3 L kB "
(rT e XFEEIARFR HM  310023)

¥ E: IR ISOMAP) FVE MR, ANREA: i st R B0 SR PR, 123G HH — P I DA g 2 i B 2
PRI (Reg-SS-ISOMAP) 83 o ZHE T e RN ZAE A FIAR A A i K Bl (K-CG), 15 BIUTALRE 4% (3]0 1
LR, JFVEN R AR SR LG Hd 55 AR5 U M 2R R B T ST AR R I, 2 MR B IR M VR A 22 4 RS 4y
M1 (MDS) VLA B AE s 55 Ja R IE Ak VA 2 b 3 H AR 20, 79 SR e R 19 WU . BVRAE 2 A48
PEAE LT T LA sis, 4B, SCh R AR eI RS, BUNRE, SR TEIEMA 8,

KRR BRI BB PR B
FESES: TP391 XERFRIZES: A
DOI: 10.11999/JEIT150694

XEHS: 1009-5896(2016)01-0241-05
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Isometric Mapping Based on Regularization
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Abstract: This paper proposes Regularized Semi-Supervised ISOmetric MAPping (Reg-SS-ISOMAP) algorithm to
solve the problem that ISOmetric MAPping (ISOMAP) algorithm is unsupervised and can not generate explicit
mapping function. At first, this algorithm creates K-Connectivity Graph (K-CG) by labeled samples in training
samples to get geodesic distance between approximate samples and takes it as feature vector substituting for
original data. Then, it takes the geodesic distance as kernel and processes feature vector through semi-supervised
regularization not MultiDimensional Scaling (MDS) algorithm. At last, it constructs objective function by

regularization regression model which is low dimension and explicit mapping. The algorithm is simulated on

Vol.38No.1
Jan. 2016

different data sets, results show that it is stable in dimension reduction and high recognition rate.
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