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Shadow Region and Target Region
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Abstract: SAR image of the ground target contains the target region formed by the scattered echoes of the target
as well as the shadow area. However, the characteristics of the two areas are essentially different, therefore the
traditional SAR image Automatic Target Recognition (ATR) methods use mainly target area information alone or
shadow region only for recognition. This paper presents a joint sparse representation model by combining images of
the shadow region and target region. By using the /¢1\ ¢2 norm minimization method to solve the joint sparse
representation model, the SAR image target recognition is achieved by minimizing the joint reconstruction error.
Recognition results on Moving and Stationary Target Acquisition and Recognition (MSTAR) data sets show that
the joint sparse representation model can effectively fuse the information within the target region and shadow

region, and it has much better recognition performance than the methods using only the target or shadow area
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information of the image.
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