% 35 L5 9 1
2013 49 H

-

Journal of Electronics & Information Technology

— MBI E R EFBF IR L, %2 K2R

# Y TR g™
VbR FHFRER R4 214122)
URBRLEAEEYHEREALE £ 214121)

# E: JLT%)% % (Difference Of Density, DOD) AN, Lo A%/ Kas 5k B RIF 1AM me A Msint, SRl
YIRS RIS [R] 43 A (B e BR i) 7 I VS o XA AL, SR — P I T R IE R 24 S Ly #0028
#%(Transfer Learning-L, Kernel Classification, TL-LoKC), %7 VEREIRRE T Lo A /0 R8s 5005 R P/ ibkRe, X
e AL R HE T2 18 AR A N SRR TE R B LR A A T 3R AT T BN G AN SR A MR AR 73 A AN — B0 1)t o 2 3 s
LR UCT B SEHWRAEN SEIR R I, Z 3R W TL-LKC Sk 2 FAMPIER 2 205k, RAMAR. 2
TELFIIPERE

KA SRR T
HESES: TP181

DOI: 10.3724/SP.J.1146.2012.01647

WETE s Lo M2 0r2KA

g:
SCHRFRIRES: A X EHRS: 1009-5896(2013)09-2059-07

A Novel Transfer-learning-oriented L, Kernel Classifier

0@

Xu Min”®  Wang Shi-tong”
School of Digital Media, Jiangnan University, Wuxi 214122, China)
School of Internet of Things Engineering, Wuzi Institute of Technology, Wuxi 214121, China)

Shi Ying-zhong
“

N

Abstract: Based on the concept of Difference Of Density (DOD), L, Kernel Classifier(L,KC) exhibits its good
performance. However, the assumption that the training domain and testing domain are independent and
identically distributed severely constrains its usefulness. In order to overcome this shortcoming, a novel classifier
named Transfer Learnging-L, Kernel Classification (TL-L,KC) is proposed for the changing environment. The
proposed classifier can not only inherit the advantage of LyKC, but also deal with the problem that the distribution
inconsistency between the training and testing sets which is caused by the slow change of the datasets or the
training set obtained with specific constraints. As demonstrated by extensive experiments in simulation datasets
and UCI benchmark datasets, the proposed classifier TL-L,KC shows the performance which is comparable to or
better than that of the classical algorithms on the transfer learning classification problems.
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