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Abstract: The abruptness, diversity, and deviation of public opinion information in mobile social networks may
encourage malicious users to spread rumors and has a bad impact on the network environment. To solve this
problem, a controllable information propagation method based on network motif is proposed. Firstly, a Multi-
entity Competitive Independent Cascade (MCIC)model in the social network layer is established. Secondly, this
paper defines the Control Information Flow Motif (CIFM), determine the key network motifs and designs its
efficient and controllable propagation algorithm in the communication layer. Finally, Theoretical derivation
proves that this method has convergence, and the simulation results show that the proposed method not only has

more advantages in terms of time efficiency, but also has the best effect in controlling information propagation.
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