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A Recommendation Method for Point-of-Interest Partition Based on
Category Transfer Weighted Tensor Decomposition Model
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Abstract: Point-Of-Interest (POI) recommendation in location-based social networks is an important way for
people to find interesting locations. However, in reality, both the various user preference of locations in different
regions and the high-dimensional historical check-in information make accurate and personalized POI
recommendations extremely challenging. In this regard, a new type of recommendation algorithm for point-of-
interest Partition Recommendation based on a category transfer Weighted Tensor Decomposition (WTD-PR)
model is proposed. The proposed algorithm makes full use of the user’s historical visit information by combining
the user’s continuous behavior and time characteristics to obtain the category transfer weight factor; Then, by
improving the user-time-category tensor model and adding the category transfer weight to the tensor to predict
the user’s preference category; Finally, the local and remote locations are divided according to the user’s historical
access area, and the recommended areas are found based on the user’s current location. After that, location and
social factors are introduced and combined with the candidate categories to make the recommendation of points
of interest. Through comparative experiments on real data sets, the proposed algorithm is proved not only to be

universal, but also superior to other comparison algorithms in terms of recommendation performance.
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