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Abstract: In order to improve further the discrimination ability of the correlation filtering algorithm and the
ability to deal with fast motion and occlusion, a tracking framework based on adaptive context selection and
multiple detection areas is proposed. Firstly, the peak value of the detected response map is analyzed. When
the response is single peak, four areas surrounding the target are extracted as negative samples to train the
model. When the response is multi-peak, the peak value extraction technology and threshold selection are used
to extract several larger peak areas as negative samples. In order to improve further the ability to deal with
occlusion, a multi detection area search strategy is proposed. Combining the framework with the traditional

correlation filter algorithm, the experimental results show that the proposed algorithm improves the accuracy

by 6.9% and the success rate by 6.3%.
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