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Abstract: Most existing link prediction methods in directed networks fail to consider the structural properties of
directed networks when calculating node similarity, nor do they differentiate the contributions of directed
neighbors on link formation, resulting in the limitation on prediction performance. To solve these problems, a
novel link prediction method in directed networks based on linear programming is proposed. The contributions
of three types of directed neighbors are quantified, then the linear programming problem is established based on
network topological property. The similarity index is deduced by solving the optimal solution of the linear

programming problem. Experimental results on nine real-world directed networks show that the proposed
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method outperforms nine benchmarks on both accuracy and robustness under two evaluation metrics.
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