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Abstract: In order to solve the incomplete semantic structure problem that occurs in the process of using the
Abstract Meaning Representation (AMR) graph to predict the summary subgraph, a semantic summarization
algorithm is proposed based on Integer Linear Programming (ILP) reconstructed AMR graph structure. Firstly,
the text data are preprocessed to generate an AMR total graph. Then the important node information of the
summary subgraph is extracted from the AMR total graph based on the statistical features. Finally, the ILP
method is applied to reconstructing the node relationships in the summary subgraph, which is further utilized
to generate a semantic summarization. The experimental results show that compared with other semantic
summarization methods, the ROUGE index and Smatch index of the proposed algorithm are significantly
improved, up to 9% and 14% respectively. This method improves significantly the quality of semantic
summarization.
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