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Abstract: With the increasing complexity of radar signals, it is more and more difficult to extract features of
the real sequences, but when they are transformed to a symbol sequence, it is usually easier to mine the
effective feature parameters. Therefore, a radar signal recognition method based on Multi-Scale Information
Entropy (MSIE) is proposed. Firstly, the radar signal is transformed into symbolic sequence by Symbolic
Aggregate approXimation (SAX) algorithm under different character number scales. Then, the information
entropy of each symbol sequence is combined to form the MSIE feature vector. Finally, the k-Nearest Neighbor
(k-NN) is used as a classifier to realize the classification and identification of radar signals. The simulation
results of 6 typical radar signals show that using the proposed method the correct recognition rate of different
radar signals is greater than 90% when Signal to Noise Ratio (SNR) is 5 dB, and better performance can be
obtaned conpared with the traditional identification method based on complexity characteristics (box-dimension
and sparseness).
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